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Abstract The research object of paleontology is " dead" fossils. How to display dead fossils to the public in
the "living" form has always been one of the difficulties and hotspots in paleontology research. Paleo-bioinfor-
maticsis a new concept which was proposed by Prof. Jianni Liu in 2012. Paleo-bioinformatics is a multidisci-
plinary cross-fertilization of paleontology, informatics, mathematics, biology and art, which not only strives to
scientifically and aesthetically display the evolutionary relationship between fossils or between fossils and living
organisms, but also helps to restore and 3D reconstruct of fossils based on their characters. This paper intro-
duces the development history and construction results of the electronic platform for paleontological fossil re-
sources, sorts out the research content of palaeontological pedigree analysis methods, expounds the research
results of paleontological fossil images retrieval and three-dimensional reconstruction, and demonstrates the re-
search and development of paleontological information visualization technology and related popular science

products. Finally, the development prospect of Paleo-bioinformatics is forecasted, which will be one of the

core fields of natural science in the 21st century.
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Fig. 1  Northwest University paleontological fossil resource platform
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Fig.3 Interpolation of missing information in morphological data
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Fig.4 Phylogenetic tree construction methods with inapplicable information
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